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Abstract Objective: To construct a recognition system of finger movement pattern based on sEMG. Method: A
sEMG—detection device based on active electrodes were developed and set up a support software system including
signal-sampling, signal-analysis, off-line recognition and on-line recognition modules. Result: Four channels sEMG
signals can be sampled simutaneously and be analyzed by 16 methods of time domain (TD), frequency domain and
time —frequency domain. The system can also make a contrastive research on 7 approaches of sEMG features
extraction and classification. Moreover, it has the ability of controlling the multi —fingered robot hand on line.
Conclusion: The system provides an experimental platform for the sEMG researches on multi—fingered and multi—
DOF prosthetic hand controlling. It can not only be used to recognize the finger movement pattern but can also be

used to extracting sEMG features from human’s other body movement pattern and doing contrastive study on

classifier.
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